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-« EDA and CDA

B EDA (or Descriptive analytics) tells us what
happened up from the data.

B CDA can be separated into two parts:

- Predictive analytics give us clues about the
future, given data and domain knowledge.

—> Prescriptive analytics provide suggestions
for optimizing the future.







4 types of Data Analytics

 Value

Prescriptive

Predictive

Diagnostic

http://www.kdnuggets.com/2017/07/4-types-data-analytics.html

What is the data telling you?
Descriptive: What's happening in my business?
*  Comprehensive, accurate and live data
+  Effective visualisation
Diagnostic: Why is it happening?

*  Ability to drill down to the root-cause
*  Ability to isolate all confounding information

Predictive: What's likely to happen?

*  Business strategies have remained fairly consistent over time

*  Historical patterns being used to predict specific outcomes
using algorithms

*  Decisions are automated using algorithms and technology

Prescriptive: What do I need to do?

*  Recommended actions and strategies based on champion /
challenger testing strategy outcomes
*  Applying advanced analytical technigues to make specific

recommendations
; C) Principa
Complexity (4
e www.principa.co.za
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BRI % =#HF] +3F2
What we observe can be divided into:

signal
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|

W
f noise

what we see

https://blog.solidsignal.com/wp-content/uploads/2018/03/expclas1.gif
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https://i0.wp.com/timoelliott.com/blog/wp-
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Exploratory data analysis (EDA) 1s an approach to
analyzing data sets to summarize their main
characteristics ... EDA 1s for seeing what the data can
tell us beyond the formal modeling. ---Wikipedia

https://www.google.com/
url?sa=i&url=https%3A
%2F%2Fwww.aiche.org
%?2Facademy%2Fwebina
rs%2Fapplied-statistics-
exploratory-data-
analysis&psig=AOvVaw
36ZuxAlJqz27dLqUSIFz
BMO&ust=1570108849
384000&source=images
&cd=vfe&ved=0CAIQjR
xqFwoTCJC1qLXV_eQ
CFQAAAAAJAAAAA
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Identify questions of interest, review
design of study and scope of inference

i Explore data graphically

v

Fit model

Data Analysis
Strategy / \

Check model

Carry out inferences

Communicate results
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Figure C.2 Four bivariate sets of data.
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